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Abstract 
Entropy of a language is a statistical parameter which measures, 
in a certain sense, how much information is produced on the 
average for each letter of a text in a language. The amount of 
information carried in the arrangement of words is the same across 
all languages, even languages that aren’t related to each other.
This consistency could hint at a single common ancestral language, 
or universal features of how human brains process speech. This 
paper is about methods, techniques available and work carried 
out so far for finding Entropy of Languages.
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I. Introduction
Entropy of a language is a statistical parameter which measures, in 
a certain sense, how much information is produced on the average 
for each letter of a text in a language. When compressing the text, 
the letters of the text must be translated into binary digits 0 or 
1. Entropy H is the average number of binary digits required per 
letter of the original language to translate each letter in a most 
efficient way.
The amount of information carried in the arrangement of words is 
the same across all languages, even languages that aren’t related 
to each other. This consistency could hint at a single common 
ancestral language, or universal features of how human brains 
process speech.
We could quantify the amount of information encoded in word 
order by computing a text’s “entropy,” or a measure of how 
evenly distributed the words are. When the Texts are randomly 
rearranged all the words in the texts but preserving the vocabulary, 
this destroys the linguistic order, the patterns that languages use 
to encode information
This difference in Entropy is a way to measure the amount of 
information encoded in word order, very interestingly, that for 
all languages the value remains almost exactly same.

II. Related Work 
A lot of work has been done in the field of Finding of Entropy 
Languages and finding Entropy of all languages in General. We 
will provide few important research papers and works that had 
been done and is going on simultaneously.
The First paper we present here is the paper which started it all,
C. E. SHANNON [2], Although experts recognized immediately 
the importance of the ideas addressed in the article “A mathematical 
theory of communication” by Claude E. Shannon, it was not 
until the 1970s that their full capacity could be exploited with 
the advent of integrated circuits, and today’s computer and 
communications equipment would be unimaginable without 
Shannon’s contribution. 
In his other Paper, C. E. SHANNON [1], Describes a new 
method of estimating the entropy and redundancy of a language 
is described.  This method exploits the knowledge of the language 
statistics possessed by those who speak the language, and depends 

on experimental results in prediction of the next letter when the 
preceding text is known. Results of experiments in prediction are 
given, and some properties of an ideal predictor are developed.
Marcelo A. Montemurro et al[3], They computed a relative entropy 
measure to quantify the degree of ordering in word sequences from 
languages belonging to several linguistic families. Their results 
indicate that despite the differences in the structure and vocabulary 
of the languages analyzed, the impact of word ordering in the 
structure of language is a statistical linguistic universal.
In the paper Entropy and Long range correlations in literary 
English [4] the authors investigated long range correlations in 
two literary texts, Moby Dick by H. Melville and Grimm’s tales. 
The analysis is based on the calculation of entropy like quantities 
as the mutual information for pairs of letters and the entropy, the 
mean uncertainty, per letter. They showed that for context-sensitive 
spelling correction the Web Corpus results are better than using 
a search engine.
In the paper Reducing Noise in Labels and Features for a Real World 
Dataset: Application of NLP Corpus Annotation Methods[5], Their 
paper illustrates how a combination of information extraction, 
machine learning, and NLP corpus annotation practice was applied 
to a problem of ranking vulnerability of structures (service boxes, 
manholes) in the Manhattan electrical grid. By adapting NLP 
corpus annotation methods to the task of knowledge transfer from 
domain experts, they compensated for the lack of operational 
definitions of components of the model, such as serious event. 

III. Future Scope
A lot of work has been done in the field of Finding of Entropy 
Languages and finding Entropy of all languages in General, 
Especially in English. For Example we know from the fact that 
English has Average Entropy of 1.1
In our future work we would like to calculate Entropy of Indic 
Languages such as Hindi, The work can be carried out by collecting 
a large Hindi corpous and processing it for information.

IV. Conclusion 
We could quantify the amount of information encoded in word 
order by computing a text’s “entropy,” or a measure of how evenly 
distributed the words are. 
English text has fairly low entropy. In other words, it is fairly 
predictable. Even if we don’t know exactly what is going to come 
next, we can be fairly certain that, for example, there will be many 
more e’s than z’s, or the combination ‘th’ will be more common 
than ‘z’, ‘q’, or ‘qu’. Uncompressed, English text has about one 
bit of entropy for each character (commonly encoded as eight 
bits) of message. 
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