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Abstract
In this document written word context is being converse, as well 
as its outcome on word recognition. Most terms in English are 
confusing between different interpretations terminology can mean 
different things in different contexts. However, over the last five 
decades, device reading has grown from a daydream to reality. 
Optical character recognition has turn into one of the most winning 
applications of technology in the ground of pattern recognition 
and artificial intelligence. The mean is to produce a structure that 
classifies a given input as belonging to a certain class quite then 
to identify them completely, as every input pattern and performs 
well on the task of regain the different meanings of unclear words, 
and is able to suggest data.
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I. Introduction
Ever since it was expected that about half of the world’s population 
is delve into on semantic character has attracted the attention of 
a growing society of researcher. Character recognition belongs 
to the family of techniques performing automatic identification. 
Typically, the semantic representations are distributed, such that 
the Meaning of each word is represented as a pattern of activation 
across a large set of units, with each unit similar to some aspect of 
its meaning. The semantic Character reorganizations can be done 
by so many ways speech recognition, vision systems, magnetic 
stripe, bar code, magnetic ink, optical mark reading, optical 
character recognition.

II. Semantic Word Recognititon
All terms were short and common; their span was 3±7 letters or 
1±2 syllables and their log speech occurrence ranged between 
1.00 and 2.51. There were two types of words, regularly repeated 
recurrent words and new words. One of the most important ideas in 
word recognition is that of priming. It involves presenting matter 
before the word to which a reply has to be made. Most common 
paradigm involves presenting one word prior to the target word 
to which contributor is supposed to respond. In order to identify 
the semantic characters we use the semantic priming which is 
considered to be a type of context outcome we can see that words 
are rarely seen the Words see or hear in isolation, also word related 
in meaning often co-occur in sentence. Hence, doling out might 
be speeded up if terms related to word you are currently reading 
are somehow made more easily existing, as they are more likely 
to come next than random words. The semantic priming is 2types 
they are associative and non associative .Associative means that 
which may are may not have a same meaning for a given character 
and Non Associative means which have a meaning for a given 
character. Activation is determined by the relative frequencies of 
the ambiguous word’s meanings and more predictable words are 
processed fast. In short, these studies demonstrate that sentence 
context is used to generate semantic, syntactic, and lexical 
limitations for the processing of upcoming words in sentence. The 
subject reported that, after reading the short word list a few times, 

It was easily remembered the words without applying mnemonic 
strategies. Free remember was error-free before each session.

III. Character Recognition in Sentence Contexts
Firstly we are instructed to write a sentence presented on the 
screen either with its appropriate determiner. Recording sessions, 
Each including three ̀ runs’, each of which included 20 blocks. In 
each block, 16 recurrent words and two new words were shown 
in randomized sequences. Prior to the exploration, the participant 
was familiarized with the recurrent stimuli. In a neutral sentence 
context, meaning.
Interestingly, only a few current studies have investigated cross-
lingual activation in sentence context by testing the identification 
of words that constitute lexical representations in both languages 
of a bilingual, namely cognates and Interlingua homographs. These 
studies converge on the conclusion that a low-constraint sentence 
context cannot get rid of activation of the no end language

IV. Character Recognition Types
Recognition of unconstrained handwritten text can be very difficult 
because characters cannot be reliably isolated especially when the 
text is cursive handwriting
They are classified as the following two types Online CR. Offline 
CR.
Online character recognition method uses directional information 
to recognize a character, which assumes that same path similar 
directional information is generated when written again.
Offline character recognition approach varies a great deal, 
depending upon the type of CR system and the methodology used. 
The text review in the field of CR indicates that these hierarchical 
tasks are grouped in the stages of the CR for preprocessing, 
segmentation, representation, training and recognition, and post 
processing. In some methods, some of the stages are merged or 
omitted, in others a view mechanism is used to update the output 
of each stage. Grouped in the stages of the CR for preprocessing, 
segmentation, representation, training and recognition, and post 
processing. In some methods, some of the stages are merged 
or omitted, in others a feedback mechanism is used to update 
the output of each stage. Designing the effect of ambiguity the 
effect of ambiguity among the unrelated meaning of this renders 
problematic the earlier accounts of ambiguity, which focused 
on explaining the apparent ambiguity advantage for words with 
multiple meanings. More recently, there have been attempts to 
show that the ambiguity advantage can emerge from connectionist 
models of word recognition, although this has been far from 
straightforward. In contrast, for words with multiple meanings, 
the situation is more complicated; a single orthographic pattern is 
paired during training with more than one semantic pattern. Many 
connectionist models of word recognition use strictly feed-forward 
connections, trained using the deterministic back-propagation 
learning algorithm. One possible solution is to allow interaction 
within the semantic representations, typically implemented by 
including recurrent connections between semantic units. In this 
type of network, although the initial pattern of activation of the 
semantic units generated by an ambiguous input may be a blend 



IJCST Vol. 4, ISSue 2, AprIl - June 2013

w w w . i j c s t . c o m InternatIonal Journal of Computer SCIenCe and teChnology  89

 ISSN : 0976-8491 (Online)  |  ISSN : 2229-4333 (Print)

between different meanings, the recurrent connections within the 
semantic layer are able to “clean up” this pattern.
Effect of ambiguity between related senses where a single 
orthographic pattern is paired with two uncorrelated semantic 
patterns. One difference between these two forms of ambiguity is 
the degree of semantic overlap between the alternative semantic 
patterns. However, although an increase in the similarity of the 
two meanings of an ambiguous word might reduce the level of 
semantic competition this can only improve performance to the 
level of the unambiguous words; it cannot produce a benefit; two 
related meanings might interfere less than two unrelated meanings, 
but they would still interfere. This variability in meaning can be 
captured by generating a base semantic pattern for each word, and 
then adding random variation to this pattern. However, this is not 
a realistic characterization of how the senses of words differ; it 
is not the case that a new sense of a word can be created from its 
core meaning simply by changing arbitrary features. However, 
it is an oversimplification to assume that the variation between 
word senses is entirely random; the relationships between different 
word senses can be highly systematic and some semantic features 
will be more likely to coexist than others.

V. Experiment

A. Lexical Decision Participants
Twenty-nine students from Ghent University participated in the 
experiment. They were all late Dutch–English bilinguals who 
started to learn English around age 14 at secondary school for 
about 3–4 h a week. In Belgium, students are regularly exposed 
to their L2 through popular media or English university textbooks. 
The criteria for recruitment stipulated that the participants should 
have good knowledge of English. Participants did not know 
that their knowledge of Dutch would be of any relevance to the 
experiment. Participants were paid or received course credit for 
their participation. After the experiment was finished, they were 
asked to rate their L1 and L2 proficiency with respect to several 
skills on a seven-point Likert scale ranging from very bad to very 
good. Mean self-reported general L1 (M = 6.3) and L2 proficiency 
(M = 5.3) differed significantly Means are reported in Table1

B.  Stimulus Materials
The original target stimuli consisted of 46 cognates of three to 
eight letters in length which varied in their degree of Dutch–
English orthographic similarity. Using the WordGen stimulus 
generation program we selected 46 English non- cognate control 
words matched to the cognates with respect to word length number 
of syllables, word frequency, neighborhood size and word class 
Paired samples t-tests showed no significant differences on any 
of these variables (all ps> .16). This matching ensured that there 
were no correlations between any of the matching variables and 
degree of cross-lingual overlap. Based on Van Orden’s measure, 
we defined cognates as words with an orthographic overlap score 
of 0.40 or more. This resulted in the removal of 4 word pairs 
because these targets’ orthographic overlap in both languages 
was too low for a cognate (sea–zee: 0.08) or too high for a non 
cognate 
Additionally, 46 English filler words were randomly selected 
from the CELEX lexical database They were matched to the 
target words on the criteria mentioned above. Using the Word 
Gen orthographically regular and pronounceable nonwords were 
selected that were matched to the target words on word length, 
neighbor- hood size, and bigram frequency.

3. Procedure
Participants were tested in groups of four persons. Participants 
received oral and written instructions to decide on each trial if the 
presented letter string was a real English word or not by pressing 
one of two response buttons. They were instructed to press the right 
button for a word response and the left button for a non word. It 
was emphasized to make this decision as quickly and accurately 
as possible. Every participant saw a different randomized order 
of the 276 trials. Each target word was presented only once and 
10 practice trials preceded the experiment.

Table 1: Self-Assessed Ratings
Language Skill Experiment 1 Experiment 2

L1 (Dutch) Writing 6.0 (1.0) 6.3 (0.6)

Speaking 6.4 (0.6) 6.2 (0.8)

Reading 6.3 (0.6) 6.5 (0.6)
General Proficiency 6.3 (0.7) 6.2 (0.6)

L2 (English) Writing 5.0 (1.1) 5.0 (0.6)
Speaking 5.2 (1.0) 5.2 (0.8)
Reading 5.6 (0.7) 5.7 (0.8)

General Proficiency 5.3 (0.9) 5.3 (0.7)

Each trial started with the presentation of a centered fixation point 
for 800ms. After a 300ms interstimulus interval, the letter string 
was presented in the middle of the screen. It remained there until 
the participant’s response or until the maximum response time 
of 2500ms 

Table 2: Mean Lexical Characteristics of the 32 Target Words

Word 
type

Number 
of 
letters

Number of 
syllables

Word 
frequencya

Neighbor-
hood sizeb

Bigram 
frequencyc

Cognates 5.22 
(1.18) 1.43 (0.50) 1.85 (0.43) 4.41 (4.35) 9044.28 

(5436.89)

Controls 5.22 
(1.18) 1.43 (0.50) 1.87 (0.45) 4.69 (5.09) 8588.69 

(4972.54)

p Identical Identical >.76 >.36 >.12

The intertrial interval was 700ms. After the experiment, participants 
completed a questionnaire assessing their self-reported L1 and L2 
reading, speaking, writing, and general skills on a seven-point 
Likert scale.

VI. Results
Analyses were run on 32 cognate no cognate pairs be- cause of 
the above-mentioned exclusion of 4 pairs based on their overlap 
scores and because the cloze probability study of Experiment 2 
(see below) indicated that 10 pairs were not usable for the sentence 
study. The selection of these 32 word pairs for the analyses did not 
affect the matching between cognates and controls on word length, 
number of syllables, word frequency, neighborhood size, and 
bigram frequency (ps > .12). Means on these matching variables 
are presented in Table 2. The target words and their Van Orden’s 
overlap scores are presented 
We conducted mixed-effects models analyses on the reaction time 
(RT) and accuracy data. Incorrect responses (5.8% of the data) 
and RTs that were more than 2.5 standard deviations below or 
above the participant’s mean RT for cognates and controls were 
excluded from analyses (2.7% of the data). RT data were inverse 
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transformed to reduce the skewness of the distribution. We applied 
the Markov Chain Monte Carlo (MCMC) sampling method (with 
a sample size of 10.000) to obtain p-values for the coefficients in 
the RT analysis We first present the analyses based on the discrete 
manipulation of cognates vs. controls 2008). Then, we provide the 
continuous analyses of orthographic overlap based on (a) the Van 
Orden orthographic similarity measure and (b) on the combined 
orthographic and phonological ratings for each target. Word 
frequency (i.e., logarithm of word frequency per mil- lion words 
according to the of the targets was included as a control variable. 
Random intercepts were included for subjects and items Logistic 
models were used for the binomially distributed error data.
Analyses including the factor Word type showed that RTs to 
cognates (M = 512 ms) were faster than RTs to controls (M = 
543 ms) [F(1, 1696) =19.17, p < .001]. Also, we observed a 
significant effect of Frequency [F(1, 1696) = 25.34, p < .001], 
indicating that more frequent words were recognized faster. The 
error analysis showed no significant differences in error percent- 
ages for cognates (M = 4.8%) and controls (M = 6.8%) [z = 1.27, 
p = .21], but fewer errors for more frequent words [z = 4.67, p 
< .001].
The results of the analyses on the continuous measure of cognate 
status using Van Orden’s (1987) measure indicated that the 
recognition of English words was facilitated when they had 
higher degrees of orthographic similarity with Dutch [F(1, 1696) = 
24.69, p < .001]. And again, more frequent words were recognized 
faster [F(1, 1696) =25.80, p < .001]. The error analysis yielded no 
significant effect of Overlap [z = 1.61, p = .11] and a significant 
effect of Frequency [z = 4.71, p < .001], showing more errors for 
low frequent words. The analyses on the combined measure of 
orthographic and phonological overlap yielded the same pattern 
of results: a continuous effect of Overlap [F(1, 1696) = 23.80, 
p < .001] and an effect of Frequency [F(1, 1696) = 24.93]. The 
error analysis indicated no significant effect of Overlap [z = 1.37, 
p = .17] and a significant effect of Frequency [z = 4.64, p < 
.001]. A graph of the RT results on Van Orden’s overlap measure 
presented 
Discussion Consistent with previous studies this lexical decision 
task showed that cognates were processed faster than controls. 
Interestingly, analyses also showed that this cognate facilitation 
effect becomes gradually stronger as a continuous function of 
cross-lingual overlap. As such, this experiment on targets presented 
out-of-con- text provided a validation of the materials for use in 
sentences in the following experiments.

Fig. 1: Graph Depicting the Decrease in RT as a Function of Cross-
Lingual Overlap on Mean Target RTs in Experiment

The straight line represents the best linear fit.

Table 3: Cloze Probabilities for Cognates and Controls Presented 
in Low- and High- Constraint Sentences

Sentence constraint

Word type Low High

Cognate .05 (.09) .89 (.09)

Control .04 (.08) .86 (.09)

VII. Conclusion
In this study, we have overviewed the main approaches used in 
the Character field. Our attempt was to bring out the present status 
of semantic Character re-search. Although each of the methods 
summarized have their own superiorities the presented recognition 
results of different methods seem very successful. Most of the 
recognition accuracy rates reported well. However, it is very 
difficult to make a judgment about the success of the results of 
recognition methods, especially in terms of recognition rates, 
because of different databases, constraints, and sample spaces. In 
addition the long distance semantic context we also be considered 
in future
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